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Abstract:

In this paper, an iterative asymptotic unbiased heteroscedastic variance estimation method, suitable for the mea

surement noise with arbitrary possibility distributions, is presented. The method can estimate the variances of several different mea

surement noises at the same time. Unlike tradiional hetero scedastic variances esimation al gorithms, the proposed iterative estimation

method can capture and track the vary variances of the measurement noises with less computation while its estimation accuracy is

kept. Its application results on multisensor data fusion show that the presented algorithm is advantageous to the estimation stability,

computation simplicity, and good robustness. Both the simulation and experiment results verify the effectiveness of the proposed

method.
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